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Image: https://covid19.mohp.gov.np/
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Cases information 😀
Public Discourse?? 🙁

Image: https://covid19.mohp.gov.np/
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Image: https://www.who-ears.com/
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Public Discourse in
Nepal?? 🙁
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Proposed Solution

Web-based Application

Display and visualize the tweets labelled by
humans and the Machine Learning model.
Show the discourse using visualizations.
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Project Composition

Web Application

Display and visualize the tweets labelled by human
and the Machine Learning model.

Machine Learning Model

Provide predictions for the topics of individual tweets.
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Topics
Covid Stats 
Vaccination

Covid Politics
Humor

Lockdown
Civic Views

Life During Pandemic
Waves and Variants

8 topics derived from WHO EARS

7 annotators 
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NAT-CTC Dataset

A total of 12,241 labelled tweets

15% Validation Set

Topics Inter-rater agreement

Fleiss Kappa score of 0.64
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Machine Learning Model: Architecture
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Machine Learning Model: Architecture
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Language Model Choices

Poor Performance of Nepali Language Models

Choice narrowed down to Multilingual Models

mBERT: More Latin Scripts ~104 languages

MuRIL: More emphasis on Indic Languages ~ 17 languages

Devlin et. al., BERT: Pre-training of Deep Bidirectional Transformers for Language Understanding, 2018
Khanuja et. al. MuRIL: Multilingual Representations for Indian Languages, 2021
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Precision-Recall Curve: MuRIL

232



Precision-Recall Curve: mBERT
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Labels MuRIL mBERT MuRIL mBERT

COVID Stats  0.97 0.96 0.92 0.91

Vaccination 0.99 0.98 0.974 0.968

COVID Politics 0.77 0.72 0.71 0.67

Humor 0.756 0.71 0.72 0.69

Lockdown 0.986 0.989 0.952 0.95

Civic Views 0.73 0.72 0.702 0.701

Life During Pandemic  0.65 0.57 0.62 0.55

COVID Waves and Variants 0.91 0.88 0.85 0.83

MuRIL vs mBERT
AUC F1-Score
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MuRIL > mBERT on Bigger Dataset
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Analyze the basic sentiments of the people during the epidemic

Add hierarchical categories

Determine misinformation

Recommendation system for doctors and experts

Future Works
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Thank You



Models on Bigger Dataset
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Models on Smaller Dataset
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Best Model Architecture


